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MA1201 Basic Calculus and Linear Algebra I

Chapter 6

Matrix, Determinant and System of Linear Equations



Basic Definition of Matrices
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A m X n matrix, denoted by A, is a rectangular array of mn numbers arranged in

the form
ncol}lmns
/Ay Qg A1n
Am1  Am2 Amn
Example 1

> M rows

(i g) isa 2 X 2 matrix. We also call this matrix as square matrix.

(3 1 2)isa 1x 3 matrix. This matrix is also called a row vector.

0

2
(3) isa 3 X 1 matrix. This matrix is also called a column vector.
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Algebra on Matrix
1. Comparison of two matrices
Definition (Equality of matrices)

We say two matrices A and B are equal (i.e. A = B) ifand only if BOTH
the size of two matrices and ALL entries of two matrices are the same.

Example 2

1 — — —
G DG 2) aw=() D=6 =G
Remarks

Different from real number, we cannot say whether one matrix is bigger / smaller
than another matrix. We cannot say

A>B or A <B-
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2. Addition, subtraction and multiplication matrices

Definition (Addition and subtraction of matrices)

Let A and B two m X n matrices (must be the same size), the addition
(A + B) and subtraction (A — B) two matrices are defined as

a1 0 Qin by - bin i1 £byy 0 Ay £ by
A+B=[ : . N . P = : .. :
Am1 " Omn B 900 B Am1 T b1 Qn £ b
Example 3
2 1 0 1\ (240 1+1 (2 2
(_1 3) + (2 —3) = (—1 +2 3+ (—3)) = (1 o)'

(_21 é)‘(_11 (2)):(—12—_&1) é:g):(é _31)
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Definition (Multiplication of matrices)

Let A be m X p matrixand B be p X n matrix, then the product of two
matrices, denoted by AB, is defined as

14 14
/z Ayxbgr Z alkbkn\
a1 alp b11 bln k=1 k=1
R . bpl bpn p p
mxp matrix pxn matrix \z Amibgr z AmkDin /
k=1 k=1 -

mxXn matrix

)th

More generally, the (i,j entry of AB is given by

p

[AB];; = z Qi by -

k=1
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How to memorize the formula?

)th

According to the formula, the (i,j entry of AB is formed by adding the product

of the some entries in i row of A and j™ column of B.
aj1 Q12 0 Qqp
byy - by - by
. b “~ b “~ b
AB=| Qi1 Gz - Qg 21 2J 2n
' ’ ' ’ b oo b . b
\aml Am2 " Amp/ - pl P b’

-

- ith column of B
ith row of 4 J7 columno

p
[AB];; = z Aixbrj = Qb1 + aipby; t+aizbz; + -+ apby;
e Ny e’ Ny e’
k=1 1st term 2nd term pth term

of each part  of each part of each part
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Remark about multiplication rule

e When doing multiplication of two matrices, the number of columns of matrix A
MUST BE THE SAME as the number of rows of matrix B. You cannot find the
product of the following matrices:

0 1 2

1 2) (—1 3) and (—1) G 2 o)

1x2 \N2 0/ 0/~ ~

. - 2%3
3X2 3x1

e Different from real numbers, the order of multiplication of matrices cannot be

reversed in general (i.e. AB # BA). As an example, we take A = (1 _1), B =

0 1
(; (1)), we have
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Example 4

Compute the product (_21 é) (; g)

©Solution:

Let C = ( 2 1) (1 0) be the product, the entries of C are formed as follows:

-1 3/\2 7
(513G

2><0+1><7—7) (2 1

2><1+1><2—4 77)

th .
(1,D™ entry: C 25

(1,2)™ entry: C

N

N =
N O NN O 3O
N—— N——r_ N—

(2,D)™ entry: C

(
;2
Cixidaxz=s 22)
(22

|

LN
W
N—
VR
N
g O
N—

th .
(2,2)™ entry: C 29 —1><0+3><7—21)

e, (3 DG 9= 1)
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Example 5

0 1
Compute the product (_12 (1) _21) (2 3 )

©Solution:

-

0 1
According to the definition, the product D = (_12 (1) _21) (2 3 ) isa 2 X 2
-\1 -1

2%3 matrix - v —
3X2 matrix

matrix. The entries of the product D can be computed as follows

(59D 3)

1xX04+40x24+(—-1)x1 ??)

th N
(1,1)™ entry: D = ( )9 ’9

1 -1
(1.2 entry: D = (*? 1><1+0><3+(—1)><(—1)) (10 —1)3 é
’ VY 77 -2 1 2\
0 1
77 77 1 0 -1
th . -
(2,1) e”trV'D—<(—2)x0+1x2+2x1 ??) (_2 1 z)<i 31>
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0 1
79 77 1 0 -1
th . —
(2,2) e”trV'D—(?? (—2)><1+1><3+2><(—1)) (5 1 2)<2 3)

Therefore, the product is given by
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Example 6

0 -2
Compute the product (1 2 32(1 0 )
0 -1

N -

1x3 matrix

3X2 matrix

©Solution:

According to the definition, the productisa 1 X 2 matrix. The entries of the product
can be computed as

0 -2
(LD entry: D=(1x04+2%x1+3%x0 ?7?) (1 2 3)(1 O)
0 -1

0 -2
(1,2)™ entry: D= (27 1x(=2)+2x0+3x(—1)) (1 2 3) (1 0 )

0 -1
Therefore the product is given by

0 -2
a 2 3)(1 0>=(2 -5).

M - -
1x3 matrix \Q) —1 1x2 matrix
~—————
3X2 matrix
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Example 7

a 0
0 b
any positive integer.

let A = ( ), find the value of A% and A3. Guess the value of A™, where n is

©Solution

7= DG ) =6Xais%0 oxotnxn) = (5 1)

ObOb_ ObZ

AT =A% = (062 bOZ) (o 2) B (gzxxaa:bg 9 8 E)lzxxoojb2 $ g) - (62)3 b03)'

Following this pattern, we guess that

AN = (Clon bOn).



Definition (Scalar Multiplication)

Let A bea m X n matrices and c is a scalar (or real number), then the
scalar multiplication, denoted by cA, is defined as

a1 - Qip cayqp 0 CAqn
cA =—c : : — : : i
Am1 *° Amn Cami * CAmn

2(_13 —11):(_26 —22)
o5 D=0 o

(*Note: The last matrix obtained is called “zero matrix”).

Example 8
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Definition (transpose of matrix)

The transpose of a m X n matrix A, denoted by
matrix defined as follows:

a1 A4gp Ai1n a1
AT = dz1 Q22 A2n | Q12
aml amz amn aln

AT or A, isanxm

azq Am1
Ao Am?2
aZn amn

In order words, the i™ row (column) of matrix A
column (row) of AT.

Example 9
1 23" _(1 3 o _1
GG (2 1

nxXm matrix

will becomes the ith
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Some Special Matrices

In this section, we introduce some special types of matrices which are of theoretical

interest.

1. Zero Matrix (denoted by 0)
A m X n matrix is a zero matrix if all entries of the matrix are 0,

0 0 -- 0
o={7 o o}
0 -« - 0

Properties of zero matrix
(1) A+ 0= A (provided that the operation is feasible)
(2) OB = B0 =0 (provided that the operation is feasible)

Therefore, zero matrix plays a role of “zero” in the matrix world.



Page 16 of 114

2. Identity Matrix (denoted by I,,, must be a square matrix)
We say a n X n square matrix is an identity matrix (denoted by I,,) if all
diagonal entries are 1 (a; = 1) and all off-diagonal entries are 0 (a;; =0, i #

J).
=G %) 1=(0 1 0)

0 0 1

Properties of identity matrix

Forany m X n matrix A4, we have
Al, = A, [,A = A.
Therefore, an identity matrix plays a role of "1" in the matrix world.
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3. Upper Triangular, Lower Triangular and diagonal matrix
v’ A square matrix is said to be an upper triangular matrix if all lower off-
diagonal entries are 0.

7—3 Diagonal Entries
Lower Off- 157273 .
. . 0 3 1
Diagonal Entries
0 2

v’ A square matrix is said to be a lower triangular matrix if all upper-off-

1  0<0: Upper Off-
( 2 3 O%’ Diagonal Entries
-1 1 2

v’ A square matrix is said to be a diagonal matrix if all off-diagonal entries are
0 (In other words, the diagonal matrix is both upper triangular and lower

1 0 O
0 3 0
0 0 2

diagonal entries are O.

triangular).
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Remark about diagonal matrix

If the given matrix A is diagaonal, there is a simple formula regarding the power of
this matrix.

For any positive integer n and a m X m diagonal matrix A, we have

a; 0 - 0\ /(@)™ 0 - 0
0 a, ces 0 _ 0 (az)n 0
O 0 am O 0 Ve (am)n

For example:

2 0 0o\* 24 0 0
(0 —1 o) =<o (—1)* 0)
0 0 3 0 0 34

e One has to be careful that the above formula can be applied to diagonal matrix
ONLY!
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4. Symmetric matrix and skew-symmetric matrix
v'We say a square matrix A is symmetric if and only if AT = A. For example:
1 0 —-1\" 1 0 -1
0O 2 3 =1 0 2 3
-1 3 1 -1 3 1

v'We say a square matrix B is skew-symmetric (anti-symmetric) if and only if
AT = —A. For example:

0 2 —-1\T 0 -2 1 0 2 -1
(—2 0 —3) =<2 0 3>=—<—2 0 —3).
1 3 0 -1 =3 0 1 3 0
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Example 10

Let A = (; )ZC) Suppose A is symmetric, find the values of x. Is A skew-

symmetric?
©Solution
Note that A is symmetric, thus AT = A

= 2)=G 3)

- - g

AT A

By comparing the entries (1,2)™, we have x = 3.

On the other hand, A is not skew-symmetric because

w=( =0 P-a
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Inverse of a matrix — Motivation and Definition

e In real number world, we can solve the equation ax = b for x by multiplying

both sides of equations by % (which is also called multiplicative inverse of a):

1 1 b
ax=b:~(—)ax= (—)b=>x=—.
a a a
=1
e Let’s consider the following system of linear equations:
2x — 2y +z =73
z x+ y—z=1,
4dx+ y+z=0
Using the matrix multiplication, one can rewrite the above system in the

following “matrix form”:

2x —2y+z=3 2 =2 1 X 3
{x+ y—z=1:<1 1 —1><y>=<1>:Ax=b
4dx+ y+z=0 4 1 1 Z 0

2 =2 1 X 3
where A = (1 1 —1), X = (y) and b = (1)
4 1 1 Z 0
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Intuitively, one may follow the method as in the single equation case and solve
for x by multiplying the whole equation by the matrix A™1:
A l1Ax)=A"1b=> (A" 1A)x=A"b=>x=A4"1p

~—————
I,

-()-( 7 2) ()

= A" 'B=x=A"1B.
Such the matrix A™1 is called (multiplicative) inverse of the matrix A. In the
coming section, we shall study the inverse of a square matrix in more detail.
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Definition (Inverse of a square matrix)

Let A be n X n square matrix, the inverse matrixof A isa n X n matrix B
such that

BA=AB =1,

where [, isa n X n identity matrix. If such matrix B exists, we denote this
matrix B by 471

Remark:

e One has to be careful that the inverse of matrix is defined on square matrix only.

The inverse of a rectangular matrix (say 5 X 6 matrix) is not defined.

e The inverse of some matrices may not exist (see example below). These matrices
are called singular matrices (or non-invertible matrix).

e On the other hand, we say the matrix is non-singular (or invertible) if its inverse
exists.
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Example 11

let A = (_23 _11) and B = (_31 _21) be two matrices.

(a) Find AB and BA.
(b) Is A non-singular (invertible)? Explain your answer.

©Solution
(a) By direction calculation, we find that

AB=( 2X(-1)+1x3 2X(-1)+1x2 )=(1 0)

(-3)x(—D+(-1)x3 (-3)x(1D+(-1)x2 0 1/

(D X2+ (D x(-3) (FDx1+(Dx (D)) /1 0
BA_( 3X2+2X%X(—3) 3IX1+2X%x(—1) )_(0 1)'

(b) Since AB = BA =1,, hence B istheinverseof A (i.,e. B = A™!) and the
matrix A isinvertible.
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Example 12

Show that there is no inverse for zero matrix 0 = (8 8)

©Solution:

For any square matrix M = (CCL Z), we have

=5 )¢ @=(Xaioxe oxproxa =l o=k

Since there is no matrix M such that OM = I,, hence the inverse of 0 = (8 8)

does not exist. In other word, 0 = (8 8) is singular (or not invertible)
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Example 13 (Harder Example)

Let A be asquare matrix such that 43 — A + I, = 0, show that A is invertible and
find A7 L.

©Solution:

IDEA: To show the matrix is invertible, one can rewrite the equation into the form
A(??7) = (??)A =1I,. Then (??) will be the desired inverse.

Note that

A3 —A+1,=02>43—-—A=—-I,
>A-A3=1,

> A, —A?) =, —A*)A =1,

7? 7?

Therefore A isinvertibleand A™1 =1, — A%,



The following shows some important properties of inverse:

Properties of inverse matrix
Let A, B be two n X n non-singular (invertible) square matrix, then

1. (A H1=4
2. (cA)™t = %A‘l where c¢ is any non-zero scalar.
3. (AB) ' =B7147! (NOT A 'B~ 1))
Reason:
Since (AB)(AB) 1 = (AB)(B™1A™ ) = A[LA"' = AA"t =1,
4. (AT)™1 = (4T (i.e. you can reverse the order of inverse and
transpose.)

Page 27 of 114



Page 28 of 114

Questions:

e |s there any efficient way to check whether a given square matrix A is non-
singular (invertible) or not? (i.e. Does its inverse exist?)

e |s there any efficient way to find the inverse of an invertible matrix (instead of
trial by error)?

To answer those questions, we need a notation called determinant of matrix.

Given an n X n square matrix A, then

(1) If detA = 0, then the matrix A is singular (not invertible)
(2) If detA # 0, then the matrix A is non-singular (invertible) and its
inverse is given by

A—l

= i A.
det A adj
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Determinant of a square matrix
We start to define the determinant of a 2 X 2 square matrix

Definition (Determinant of a 2 X 2 matrix)

aij; Qg

e azz), denoted by

The determinant of a 2 X 2 square matrix A = (

detA or |A|, is defined as follows:

detAd = |A| = Aq11097 — A120491.

Example 14
det (i _34) = 2(—4) — (3)(1) = —11, det(; g) — 1(3) — 2(0) = 3.
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Determinant for an n X n matrix (n = 3)

We need to define two guantities:

Let A be an n X n square matrix, we define

e The minor of the element a;;, denoted by M;;, is the determinant of a

ijr Ljs
(n—1) x (n — 1) submatrix of A obtained by deleting i*" row and j™!

1 2 3
column of A. As an example, we let A = (4 5 6). Then
7 8 9

1 2 3 5 6
My =det(4 5 6]=det(> )=5(9)—6(8)=-3
7 8 9 8 9

1 2 3 1 2
My =det(4 5 6)=det(; Z)=1(8)—2(7) =—6.
7 8 9 78

» The cofactor of the element a;;, denoted by A4;;, is defined as

Aij — (—1)l+]MU
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The determinant of an n X n matrix (n = 3) can be defined as follows:
Definition (Determinant of an n X n matrix)

Let A be an n X n square matrix (where n = 3), the determinant of A is defined as
R4

detA g a11A11 + a12A12 + a13A13 + °°c + alnAln.

(We say that the determinant of A is expanded along the 15 row)
Remark:

In general, one can compute the determinant of A by expanding along any row or

any column, i.e.

R;
det A= a;;A;; + ajpAjp + -+ aj A, (along it row)
or
Cj
detA = ayjAi; +azjAz;+ -+ aiAy; (along jth column).
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Example 15

1 0 2
Compute the determinant of 4 = (1 1 2).
3 -1 1

©Solution

We can compute the determinant by expanding along the 15t row:

det A 2 a{1A411 + a12A15 + a43413
= 1 x [ det( f)]+ 0 x[( 1)1 det )]

g

aiq a12

A11:(—i)1+1M11

el L)

-

Ap=(-1)1+2My,

A13=(—i)1+3M13

=1x(1(D)-2(-D)+0+2x[1(-1) = (D3] =-



Example 16

Compute the determinant

1 3 =2
det (0 0 3 )
2 —2 4

(a) By expanding along the 1% row.
(b) By expanding along the 2" row.
©Solution:
(a) By expanding the determinant along the first row, we have

1 3 —2\ Ry
det{0 O 3 |2a11 41+ a2 A1 + a3 453

2 —2 4 T 3 2
=1 (_1)1+1 d 0 3 3 (_1)1+2 d 0 3
a“fl l et (_2 4)1 + a\:z l et ( 2 4)1

Ay =(-1)1+1 M, Ap=(-1)1%2M,,
+=2|(=1)1*3 det

ais

0 0
2 -2
A13=(—£)1+3M13

—

)] = 1(6) + 3(6) + (=2)0 = 24.
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(b) By expanding the determinant along the second row, we have

1 3 —2\ R
det|{0 O 3 |2 ay; Ay + ax Agy + ay3 Ays

2 —2 4 Y Ny 3
= 3 [~ det(; _32)] — 3(8) = 24

az3 = v ~
Ayz=(—1)?*t3M,;

Remark

In this example, we observe that the computation is relatively easier if one expands
the determinant along the second row. It is simply because there are quite a number
of "0" in the second row so that one does not need to compute so many confactors

Ajj.

Therefore, one should expand the determinant along the row (or column) with
largest number of "0" in it so that the computation cost is minimized.
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Example 17

0O 2 3
Compute the determinantof B=(0 1 2.
0 -1 2

©Solution

Although one can obtain the answer by expanding along the 15 row, it may be
easier if one choose to expand along the 15 column.

We expand the determinant along the first column, we get

C1

:OXA11+0XA21+OXA31
= 0.
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Example 18

1 0 2 3
: | 0 2 1 0

Compute the determinant of A = > 1.0 1/
-1 1 1 0

©Solution

We expand the determinant along the 2™4 row:

Ry o 2 1 0
M~ ~ ~ ~
detA = a,1 Ay + Ay Apy + Ap3 A3 + Gp4 A3y

i 1 2 3 1 0 3
=2 X (—1)2+2det<2 0 1) (—1)2+3det<2 1 1)]
i -1 1 0

-1 1 0
axfxcorrtaall ) vixcnan( )

+ 1 X

1 x [1 x (—1)1+1 det(} (1)) +3x (=1)1*3 det(_zl 1)] == =2
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Application of Determinant #1 — Finding inverse of a square matrix
Theorem 1 (Existence of inverse matrix)

Given an n X n square matrix A4, if

(1) detA = 0, then the matrix is singular (not invertible).
(2) detA # 0, then the matrix is non-singular (invertible).

Theorem 2 (General formula of inverse of matrix)

Let A be an n X n invertible square matrix, then its inverse A~ is given by

Ain Az o A\
A—l — d A = .21 .22 .2n
detAa ] det 4 : : :
Anl Anz Ann

where A;j is the cofactor of the entry a;;.
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How to memorize the inverse matrix formula?

Although the formula looks complicated, one can memorize this formula in the
following way:
The entries of A (a;;) are

replaced by its cofactor (AU)
in A1

T
aqq aqiy ce aln 1 11 A12 Aln
A _ asq as- cee aZn A—l — A21 AZZ
=1 detd| i i

and

There are two extra terms
detA

the transpose T above the matrix
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Example 19
(1 3\ . . . .
Show that the matrix (2 4) is invertible and find its inverse.
©Solution

. (1 3) ... :
Step 1: Show that the matrix (2 4) is invertible.
1 3

Note that det (2 4) =1%X4—-2%Xx3=-2+#0, so G i) is invertible.

Step 2: To find the inverse, we first compute all cofactors, note that
A1 = (D1 (4) =4, A, = (1)M2(2) = -2,
Ay = (_1)2+1(3) = —3, Ay = (_1)2+2(1) = 1.

Thus the inverse is given by

(1 3)‘1: 1 (A11 AlZ)T:i(‘l- —Z)T:(—Z 3/2>
2 4 detA\4;1 A4y —2\-3 1 1 —-1/2)
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Example 20

1 -1 2
Let A = (1 1 0 ) be a 3 X 3 matrix. Find the inverse of A if it exists.
o 1 -1

©Solution:

We first check whether the inverse exists by computing the determinant of A:

By expanding the determinant along the first row, we have

R4
~ 1 0y _ . 1 0 1 1
detA—1><flet(1 _12 ( 1)xiiet(0 _12+2><f1et(0 12
=1x(—1)—(1x0) =1x(-1)—(0%0) 1x1—(0x1)

= 1x(=1) — (=1)(=1) + 2(1) = 0.

Since detA = 0, we can conclude that A is not invertible (or A is singular) and its

inverse A~1 does not exist.
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Example 21

3 2 6
Let A = (1 1 2). Show that the matrix is invertible and find A~ 1.
2 2 5

©Solution:

Step 1: Show that the matrix is invertible.

Note that detA}’; 3 det G é) — 2 det G é) + 6 det (% ;) = 1 # 0. Hence the

matrix A is invertible.

Step 2: Find the inverse A~ 1,

Note that the cofactors are given by

1 2

All —_ (_1)1+1 det (2 5

)=1, Ay = (~1)'*? det (; é) = -1

Ayy = (—=1)1*3 det (% %) =0, A, =(—1)2* det(g g) =2



3
2

2
1

A22 —_ (_1)2+2 det(

A31 —_ (_1)3+1 det(
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6) =3, Ay = (—1)23 det(3 2) =2

5 2 2
g) = -2, Ay, = (=1)3* det(i g) =0

Ay, = (—1)3+3 det(3 2) —1.

Hence, the inverse is given by

1 A11

A_1 — <A21
det A

2 \4,

A12
A22
A32

1 1

Ais\' (/1 -1 oN\T /1 2 =2
A23 :I 2 3 —2 =|-1 3 0 |
Ass 2 0 1 0 -2 1
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Example 22

Using the inverse of matrix to solve the following system of linear equations

x+ y+2z=3,

{3x+2y+6z=1
2x+2y+5z=1

©Solution

One can rewrite the above system into the matrix form:

3x+2y+6z=1 3 2 6\ /x 1
{x+ y+22:3=><1 1 2)(31):(3)_
2x+2y+5z=1 2 2 5/ \z 1

A

1 2 =2
For Example 21, we know that A isinvertibleand A~ = (—1 3 0 ) Thus,

O-GiRe-r
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Remark of Example 22

e This method only works for the system which the number of equations equals
the number of unknowns so that the coefficient matrix A is a square matrix (say
in this example, we have 3 equations and 3 unknowns).

e This method will fail when the number of unknowns does not match with the
number of equations. For example

_ _ 3 X
Btz 6 1 ) ()-0)

not square matrix

or the coefficient matrix is not invertible

iz G 3 6)=0)
not invertible

To solve those equations, we shall apply a more general method (called Gaussian
Elimination) which will be discussed later.
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Example 23

Let A = (_32 D and B = (; ;)

4o (=1 0
(a) Show that A BA—(O 4).

(b) Hence, evaluate B199.
©Solution:

(a) By some calculation (Exercise!!l), one can obtain

1,1 —
A_lzﬁ(% 31)

Then using multiplication rule, we have
1 _
apa=(; )G DG D)

B %(_81 112) (—32 1) - %(_05 200) N (_01 Z)
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(b) From (a), we observe that

A7'BA = (_01 Z) = A(A71BA)A™ = A (_01 Z) A1
= B = A(_O1 Z)A‘l
Then
BlOO
=1
A DAY Daa( Pata(yl Pa

100A(_01' Z)A‘lls
04100

_ (1 1
_A(O 4) A
_ ( 3 1) ((—1)100 0 )[1(1 —1)]
—2 1 0 4100 5\2 3
_1(3+2x4m° —3+3x4m3
—24+2 x40 243 x40 )
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Application of Determinant #2 -- Computing vector product
The determinant is also useful in computing vector product of two vectors. Given
two vectors @ = a7+ a,] + ask and b = byl + b,] + bsk in a plane, one can
compute the vector product a X b using direct expansion:
dx b = (a7 + apf + ask) x (bl + byj + b3k)
= a;by(Tx70) + a1 b, T X J) + a;b3(T x l_c>) + a,b,(GX 1)+ a,b,(G X7)
+ aybs (7 x k) + asby (k x ) + asb, (k x J) + azb;(k x k)
= (azbs — ash,)T — (a1bs — ash,)j + (ayb, — azby)k

Ry I ] k
_ Az azy, ap 4asy., Ay A2\ p -+
—det(b2 b3)l det(b1 b3)1+det(b1 bz)k—det a, a, das
by by b3
Hence, the vector product can be computed via determinant
I ] k

aXB=det a; a, as
by b, bs
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Example 24
let @ =50—k and b =7+ 2] — k be two vectors, compute @ X b.

©Solution:

Using the fact in the previous fact, we obtain

. T ] k
axb=det|g o —1
1 2 -1

=d t((z) :D?—det(i’ :1)j+d t(i g)E

= 27 + 4] + 10k.
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Example 25 (Computation of triple scalar product using determinant)
let @ = a,T+ ay] + ask, b = byT+ b,j + bsk and & = c,0+ ¢,] + csk be three

vectors. Show that

a, a; as
5.(bx6)=det<b1 b, b3>_

Cl Cz C3

©Solution:

) A
C_l)(be):d’det b]_ b2 b3

€t (€ C3
R4
= = (a1?+ ayj + agk) : [det (léz €3>i’_ det (?1 IZs)j_I_ det (lgl lgz) k]
= q X det (bz b3) —a, X det (bl b3) + Qs X det (bl bZ)
“2 €1 C3 c1 Gy

R, al az Cl3

Cl CZ C3
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Shortcut in computing determinant: Properties of Determinant
The following properties are useful in computing the determinant:
1.If all the elements in a row (or column) are zero, then its determinant is 0.
a1 az ag a1 O bl
det(o 0 0) =0 and det<a2 0 b2> =0
by by b3 as; 0 bs
2.The sign of determinant A is changed if one interchanges any two rows (or

b1 bz b3 R{<—R, a4 a, as
det(al a, a3> = —det<b1 b, b3>

C1 C2 C3 C1 CZ C3

columns)

3. (Determinant of product of matrices) For any two n X n square matrices A, B,
we have
det AB = detAdetB and detA” = detA.
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4. (Determinant of inverse) If A is invertible square matrix, we have

1
det(A‘l) = m

5. (Powerful properties) The value of determinant is unchanged if multiple of one
row (column) is added to another row (column).

a4 a, as Ry+KkR, a; d; as
det<b1+ka1 b, + ka, b3+ka3> =2 det<b1 b, b3>_

C1 Co C3 Ci1 C (3

a, a,+ka; as\ c,+kc, a, a; as
det (bl b2 + kb1 b3> = det <b1 b2 b3>

c1 Cy+kcy c3 1 €2 (3



6.For any scalar k, we have

ka,, kay, - kaq, 11
det| %2t G2z 7 Gam ) _ e U2
An1 An2 Ann Ani
[ /411 Qg2 Ain \ | ka4
det|k| P20 22 T Gen )| geq| e
i An1 Qnz *° Qnn/ | ka,

a1 Ai2 A1n

— g det| 21 :22 Aan
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Example 26

Let A be asquare matrix with detA = 5. Find the value of (i) det(4TA4), (ii)
det(4°) and (iii) det(4™1).

©Solution:
Using the properties of determinant (3 and 4), we obtain
det(ATA) = det(AT) detA = (detA) detA = 5(5) = 25.

det(4®) =det(A-A-A-A-A) = (detA)(detA)(det A)(det A)(detA) = (detA)>
= 5° = 3125.

1 1

detd 5

det(4™1) =
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Example 27

©IDEA:
1 2 3 = ===" U ” nan - a
_______ -~Z= Generate” some "0" in a particular row/
Compute det| 4<-5"_61"" :
=T column so that the computation of
27 -1 . e
determinant can be simplified.
©Solution:
R,—4R;

1 2 3\ R3—2R; 1 2 3
det<4 5 6) - det<4—4(1) 5—-4(2) 6—4(3))

2 -1 3 2—-2(1) -1-2(2) 3-203)
1 2 3
=det<0 -3 —6
0 -5 -3
S 1x[comtde (2 O rox[cvmtae( L 3)] o
x[( 1)3+1det(_23 —36)]

=1x(=3x(=3)—(=5)x (-6)) =9 —30 = —21.
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Example 28

1 -l &F-F\
he d _ q 3 0 1 195 ©IDEA:
Compute the determinant det {1 -1 1 2 **< uGenerate” some "0" in
2 7 1 0 first row
©Solution:
Co+Cq
1 -1 2 1\%724 1 —14+1 2—-2 1-—-1
3 0 1 175" 3 0+3 1-6 1-3
det| v 1 1 o) = 7 141 1-2 2-1
2 7 1 0 2 742 1—4 0-2
A e
= det Z21xdet{0 -1 1
1 0 -1 1 5 _3 _o
2 9 -3 =2
‘! 1 1 5 —2
=3xdet( T, ) +9xdet(T T7)=15-63=-48
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Example 29

1 1 1
Factorize det(a b c)

a’ b? c?
©Solution:
C2—Cq
1 1 1\ G-¢C 1 1—-1 1—-1
det(a b c) = det(a b—a c—a)
2

a? b? (2 a’? b%?—a? c?2—aq

1 0 0 R b—a c¢c—a
=detla b—a c—a |E1X [(—1)1+1 det( 2 _ 2 .2 2)]
a2 b2 —g? 2 — g2 b®—a® c*—a

b—a c—a 1 1
(b —a)(b + ) (C—a)(c+a)):(b_a)(c_a)det(a+b v

=B -a)(c—a)[(D(c+a)—(a+b)(D)]
=(Mb—-a)(c—a)(c—b)=(a—b)(b—c)(c—a).

= det(
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Example 30

a 1 1
Factorize det|{1 a 1 |.

1 1 a
©Solution
a 1 1\ Ri<—R3 1 1 a
det|1 a 1] & —det|1 a 1
1 1 a a 1 1

R;—aR, 1 1 a 1 1 a
= —det( 1-1 a—1 1—a >:—det<0 a—1 —(a—l))

a—a(l) 1-a(l) 1-a(a) 0 1-a 1-a?

13

N a—-1 —(a—1) 1 —1
—1x(=1)? 1de‘[(l—a 1 — a? ) (a—l)det(l_a (1—a)(1+a)>

=—@-DU-aydet(; )= @=DADA+ad) - D]

= (a—1)?(a + 2).
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Example 31

a b c
Show that det (b C a> = —%(a +b+c)[(a—b)*+(b-c)*+ (c—a)].
c a b

©Solution
a b ¢\ Ri+R2+R;3 a+b+c a+b+c a+b+c
det|b ¢ a 2 det b c a
c a b C a b
Cy—Cq

1 1 1\ ¢c-¢ 1 0 0
=(a+b+c)det<b C a) = (a+b+c)det<b c—b>b a—b)

c a b c a—c¢c b-—c
R4

9(a+b+c)l1xdet(2:lz Z:Iz)]

=—(a+b+c)a*+b?+c?—ab— bc—ca)

1
= —E(a+b+c)[(a—b)2 + (b —c)*+ (c—a)?]



Page 59 of 114

System of Linear Equations

A system of m linear equations in n unknowns, x{, X, ..., X, isaset of
equations of the form

(A11X1 + aypX + -+ A1 X, = by
a»,1X1 + ar-2Xy + .-+ aann = bz

\ A1 X1 + QpppXy + -+ Ay Xy, = by,

Here, al-j’s are the coefficients of the system and b;’s are called the non-

homogeneous terms of the system.

e If at least one of b;’s is non-zero, the system is called a non-homogeneous
system of linear equations.

e Ifall b;’s are all zero, the system is called homogeneous system of linear
equations.
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Some examples of system of linear equations and its solutions

Example 32 (Unique Solution)

fx—y=3
x+y=3

One can use the method of elimination by adding the first equation to the second
equation. We obtain 3x =6 =>x =2 and y = 3 — x = 1. This is the only solution
of the system.

Example 33 (No Solution)

{x + y+ z=2
2x +2y+2z=5

One can obtain from first equation that 2x + 2y + 2z = 4. This contradicts to the
second equation.

Hence, the system has no solution.
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Example 34 (Infinite many solutions)

{x+ y =2
2x +2y =4

The second equation is redundant and we only have one equation governing x and
y, ie. x +y=2.

In fact, this system has infinitely many solutions, i.e.
x=2—-t y=t
where t is any real number.

(For example, (x,y) = (2,0), (1,1), (3,—1), (—3,5) are all possible solutions).
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A system of linear equations may have either no solutions, unique solutions or
infinitely many solutions.

e We say a system is consistent if the system has at least one solution (one or
infinitely many).
e We say a system is inconsistent if the system has no solution.

Question

e How do we determine whether a given system has no solution, a unique solution
or infinitely many solutions?
e How do we obtain a solution of a given system efficiently?

Answer: Gaussian Elimination.
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Matrix Representation of the system

Using the fact that (@11 Q12 - Q1) = aq1X1 + Q12X + -+ a1px, (can
xn
be verified by direct matrix multiplication) , we can express the system in the

following form:

a1 Azt Qqn X1 by
Az1 Az - Az X2\ | by
Am1 Am2 *° Omn Xn bm
N v - v — N\ /
A X b

A is called the coefficient matrix, x is called an unknown vector and b is called the
known vector.



Example 35

The matrix representation of the system
{Zx +5y =3
x— y=1

is given by

The matrix representation of the system

{x—2y+z=0
3x —z=1

is given by
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Given a matrix representation of the system Ax = b, we can define the

corresponding augmented matrix as

(A | b)
or
a1 A4 Ain
a1 A Aon
aml amz amn

This matrix plays a crucial role in analyzing the solutions of a given system.
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Gaussian Elimination
Motivation

Suppose we would like to solve the following equations:

x+ y=1.... (1)
{2x+3y=2 ...... (2)

One can adopt the method of elimination by multiplying equation (1) by a factor of 2
and subtract from the equation (2):

{x+ y=1 N {x+y=1
2x + 3y =2 y=0

One can obtain from last equation that y = 0. Then one obtains x = 1 using the
first equation.
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Consider another system of linear equations

2x —4y + z = -5,

{x+ y+ z= 4
3x—4y+5z= 0

One can use the same method to solve the system. There are a lot ways of doing this:

(Approach 1: Eliminate z first)

2x —4y+ z=-5 = X — 5y = -9 = {x— 5y —9=ix=1

{x+ y+ z= 4 { x+ y+z= 4 {x+ y+z= 4 {yzz
3x—4y+5z= 0 —2x — 9y = —20 —19y —38 7 =1

(Approach 2: Eliminate y first)

(x+y+ z= 4

z=1
2x —4y+ z=-5 = 6x 4 Sz=11 { :

3x—4y+5z= 0

7x +9z =16 L ?Z:?

{X+ yt+ z= 4 {x+y+z=4
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When we encounter a bigger system (more unknown and more equations) or
“irregular” system (infinite many solutions or no solution), we need a more
systematic elimination procedure so that the solution of a system can be obtained
easily.

Step 1: Eliminate x (first variable) in the 2"® and 3™ equation

x+ y+ z= 4 @20 x4 y4 z= 4
(3)—3%(1)
{2x—4y+ zZ=-5—- { —6y — z=-13
3x—4y+5z= 0 —7y + 2z = —12
Step 2: Eliminate y (second variable) in the 3™ equation
X+ y+ z=4 6x(3)x+ v+ z= 4(3)—7><(2) x+ y+ z= 4
—6y— z=-13 —> —6y— z= -13 — —6y — z=—13.
—7y + 2z =-12 —42y + 12z = =72 19z = 19

Then we can solve backward and obtain z =1, y =2 and x = 1.

Such process is called Gaussian Elimination Method.
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Roughly speaking, Gaussian Elimination is a solution technique which uses the

method of elimination (also called elementary transformation or elementary row

operation) and transforms a given system into a specific form (known as row echelon

form in matrix form) which is easy to obtain, i.e.

(A11X1 + A% + -+ A1 X,, = by
a»1X1 + aAr72Xy + -4 aann = bz

\ A1 X1 + A Xy + -+ Ay Xy, = by,

or in augmented form

! !

a1 Qg2
ai1  Adg2 A1n b, 0
22
Az1 Ay Azn | by =1 o 0
Am1 Am2 *°° Qmn bm \ O O

= A

!
ais
!
azs
!
aszs

0

! !
((A11X1 T+ a1Xx5 +

/

az 2 XZ +

! !
A1n-1 QAn

! !
Arn-1 Qzn

! !
A3zn-1 Q3pn
0 Amn

e+ @ty = ]
e+ Gty = )

Y —
amnxn - bm
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Definition (Row Echelon Form & Reduced Row Echelon Form)

A (augmented) matrix representation of the row echelon form has the following two

properties:

All entries below each pivot
(the first non-zero entry of

D % % % ¥
*

O Q. ¥ ¥ %

each row) are all zero.

Each pivot lies to the right of the
pivot in the row above.

Remark:

The number of pivots is also called the rank of the matrix.
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As an example, we suppose that the augmented matrix of a linear systemis
transformed into echelon form as follows:

2 6 1

0 3 -1

1
)
0 0 1 3

It is equivalent to the following linear system of equations

3y —z=2.

{2x+6y+z=1
z =3

One can solve the equation backwardsandget z =3, y = g and x = —6.

The matrix is of reduced row echelon form if it is in row echelon form, the pivotis 1 in

each non-zero row and all entries above each pivot are all zero.
Remark:

The reduced row echelon form of a matrix is unique.
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Some Notions: Elementary transformation & elementary row operations

Roughly speaking, elementary transformations are simply the operations that we

carried out in solving the system. The corresponding action in augmented matrix

form is called elementary row operations.

Elementary Transformation

(1) Interchange two equations
{Zx—y= 2 M=) { x+y=1
x+y=1 2x —y =2

(2) Multiply an equation by ¢ + 0
2x—y =2 2x(22) (2x— y =2
{x+y=1 {2x+2y=2'

(3) Addition of a scalar multiple of any
equation to another equation.

2x —y =2 @+Q) 2x —y =2
€& { x+y=1_ {

3x =3

Elementary Row Operation
(1) Interchange two rows
T BEEELB
(2) Multiply arow by ¢ = 0
CTBEE T B

(3) Addition of a scalar multiple of any
row to another row.

Y PERE P



Example 36

Using Gaussian elimination, solve the following system of linear equations

5x—3y—7z= 6.
3x —2y+3z=11

—4
6
11

{ X+2y—4z = —4

©Solution:

We first express the system in augmented form

1 2 -4
5= =

3 -2 3

We perform the Gaussian Elimination as follows:
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Standard Form

5x—3y—7z= 6

{ xX+2y—4z=—4
3x—2y+3z=11

D) 13y + 132 = 26

(2)=5x(1) x 4 2y — 4z = —4
{ —8y + 15z = 23

eils {x+2y— 4z = —4
— y— z=-—2
—8y + 15z = 23
(3)+8x(2){x+2y—4z —4
_— y— Z=—
7z = 7
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Augmented Matrix Form

1
€
3

Ry=5R1 /1
R3—3R; (
_— O

0

B 1
R,/ —13 (O
0

R3+8R, (1
—_— 0
0

By solving backward, weget z=1, y=—-1, x = 2.

-3 =7
-2 3

2 —4

—4
6)
11
2 -4 |-4
13 13 26)

23
—4
_2>
23

-8 15
—4
_2>
7

2 —4
1 -1
-8 15
2 —4
1 -1
0 7




Example 37
4y— z= 5
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Solve {2x + 1y + 3z = 13 using Gaussian Elimination.

x—2y+2z= 3

©Solution

We first express the system in augmented form: <2 1 3

0 4 -1

5
1)
3

1 -2 2

We perform the Gaussian Elimination as follows:

Standard Form

4y— z= 5
{2x+ y+3z=13
x—2y+2z= 3

(1)e(3)

—_—

2x+ y+3z=13

{x—2y+22= 3
4y— z= 5

Augmented Matrix Form

0 4 -1 |5
(2 1 3 13)
1 -2 2 I3
R1HR3<1 -2 2 ‘3>
—(2 1 3 [13
0 4 -1 15



x—2y+2z=3
Sy— z=7
4y — z=15

(x —2y+2z=3
(2)+5 1 7

(2)—2x(1)
—_—

(3)—4—)((2) y — = =

—)<
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p2r, (1 =2 2 |3
—lo 5 -1 |7
0 4 -1 Is
1 -2 2 |3
5 |5
0 4 -1 |5
1 -2 2 |3
R:—4R, | 0 1 ! !
- "5 |5
0 o 1|3
5 |5

By solving backward, weget z=3, y=2, x = 1.



Example 38 (The system has infinitely many solutions)

x+ y—2z=2
Solve {Zx +2y—3z=1
©Solution
The augmented matrix is given by (% ; :g ﬁ)

Using Gaussian Elimination, we have

G255 D=0 o7 |5

Solving backward, weget z=—-3 and x+y—2z=2=x+y = —4.
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We only have one equation governing x and y. So there are infinite many solutions

of the system and the general solution is given by

x =—4—t, y =t, ¢t isanyreal number.
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In Example 38, there is a column with no pivot (column 2) in the echelon form.

G713

We observe that the corresponding variable y can take any values, y is also called
“free variable”.

In general, if there is column which does not have any pivots, then the corresponding
unknown will be the free variable (if the system is consistent). Hence, the system has
infinite number of solutions.

As an example, if the echelon form of the system is

1 4 2
(O 1 3
0 0 3

So x,, x, arethe “free variables” and the general solution is given by

X3 + 2x4 + 3x5 = 2,

1 X1+ 3x, +4x3+x, +2x5 =1
2) or {
3 3x5=3

xg = 1, Xy = t, x3 =—1—12¢t, X, =S, xy =3—3s+7t.
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Example 39 (The system has no solutions)
Solve the following system

2x + 3y — 2z =5,

{x—2y+32=2
dx— y+4z=1

©Solution:
1 -2 3 2

The augmented matrix is (2 3 =2 5). Then using Gaussian elimination, we
4 -1 4 1

have

(1 -2 3 2)2_3&(1 -2 3 2>R3_R2<1 -2 3 2)

2 3 -2 |5|——|0 7 -8 |1 |]—0 7 =8 |1 ]

4 =1 4 1 o 7 =8 I1-7 0O O 0 —8

Since the last row is of the type (000 | b) with b = —8 # 0, hence the system has
no solution.
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Solution of System of Linear Equations: A brief summary

Given a system of linear equations, one can adopt the Gaussian Elimination to
transform the system into Row Echelon form. The solution of the system can be
studied easily by investigating the row echelon form of the system.

Case 1: Thereisarowwith (0 0 -+ 0 |b) (where b # 0) inthe
echelon form of the augmented matrix:

e This row corresponds to the equation:
Ox; +0x, + -+ 0x,, =b =0 =0b.
e Since b # 0, this implies the system has no solutions (or inconsistent).
If case 1 does not happen, then the system has solution (consistent). It remains to
check whether the system has unique solution or infinitely many solutions. To check
this, we check whether there is column with no pivots.



Case 2A: There is a column with no pivot:
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e The corresponding variables in such columns (with no pivot) are “free variables”

(see Example 38).
e The system has infinitely many solutions.

Case 2B: There are no columns with no pivot:

e There is no free variables and the echelon form of augmented matrix is given

below
a * %
0 b =
0 0 c

0O 0 O

e Every unknown is determined uniquely by solving backward.

e The system has a unique solution.

* % %

d

* X X

*
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Row Echelon Form of augmented matrix

There is no rows with
(00 ... 0|b) and b # 0

There is a row with
(00 ...0|b) and b # 0

The system has solutions

The system has no solution .
(consistent)

There is no column There is a column

with no pivot with no pivot

The system has a The system has infinitely
unique solution many solutions



Example 40

Solve the following system

X1 + 2x5 — 3X3 + x; =2
{2x1+4x2+ Xy — 2Xc = 3,
3x, +6x, +5x5+x, — xc=1

©Solution

1 2 -3 0 1
The corresponding augmented matrix is (2 4 0 1 -2

3 6 5 1 -1
Elimination, we reduce the system into row echelon form:

1 2 -3 0 1 |2\p22%/1 2 -3 0 1 |2
2 4 0 1 -2 [3]—>10 0 6 1 —4 |-1
36 5 1 -1 11 0 0 14 1 -4
1 2 -3 0
1 2 -3 0 1 2 1
R,/6 1 4 1\Rs-14R, [0 0 1 =
—!10 0 1 = —= |-=|— 6
6 6 6 3
0 0 14 1 -4 |-5 \000——

2

1

|
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3). Using Gaussian
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Since there are columns (2" column and 5™ column) with no pivot, the system should
have infinitely many solutions.

The corresponding unknowns x, and xcg will be free variables. We take x, = s
and xc = t, where s, t arereal numbers. The corresponding system is

(x4 + 2x, — 3x3 + xg= 2
1 4 1
) x3+6x4— ng— e
8 32 16
\ 6T T T
Solving the equations backwards, we obtain x, = 2 + 4t, x5 = —%, X1 = % — 25—t
and the general solution vector becomes:
1
X / - \ —2 —1
X2 0 1 0
x=|X3|=|_1| +s| 0 |+¢t] O
X4 22 0 4
X5 \ 0 / N\ 0 1/
~—— general solution of the

particular

) homogeneous system
solution



Note that Xp =

()

2
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is a particular solution of the nonhomogeneous system (s =

t = 0), sothat A(x — xp) =b—b =0 and x — x,, is the general solution of the

corresponding homogeneous system:

Thus 0 and

homogeneous system.

= OO

X1+ 2x, — 33 + x: =0
{2x1+4x2+ Xy —2x5 =0,
3%, +6x, +5x53+x,— x5=0

are two linearly independent solutions of the above
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Example 41

Find all values of ¢ for which the following system is consistent.

X+2y—z=¢
—x + 4y +z = c?
x+8y—z=c3
©Solution:
1 2 -1 c
To start with, we first transform the augmented matrix (—1 4 1 Ci) into
1 8 -1 Ic

echelon form using Gaussian Elimination.

1 2 -1 je\P2tfiyg 2 -1 | ¢
—141623—1>06062+c>
1 8 —1 I3 0 6 0 Il3-c
1 2 -1 c
R>-—R
3—2><o 6 0 c2+c )
0 0 O c3 —c?—-2c
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The system is consistent if there is no row with (0 0 0|b), b # 0. This implies that
c3—c?—-2c=0c(c?—-c—-2)=0c(c—2)(c+1)=0
=>c=0orc=2 or c=-1.

©Remark: Since the column 3 has no pivot, the system has infinitely many solutions
(with z as the free variable) if the system is consistent.

Example 42
We consider the following system of linear equations

x—2y+ z=1
x— y+ 2z=2,
y+clz=c

Determine all values of ¢ for each of the following cases:

(a) The system has unique solution.
(b) The system has no solution.
(c) The system has infinitely many solutions.
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©Solution:

1 -2 1 |1
The corresponding augmented matrix is given by (1 -1 2 2). We first
0 1 ¢% Ic
reduce the system into row echelon form using Gaussian Elimination.
(1 -2 1 1) R,—R, (1 -2 1 1) Ry—R, (1 —2 1 1 )
1 -1 2 (2]—10 1 1 |1|—(0 1 1 1
0 1 «¢?* lc 0 1 «¢? lc 0 0 c¢*-1 lc—1

(a) The system has a unigue solution only when there is no column with no pivot.
This implies ¢? —1# 0 = ¢ # +1.

(b) The system has no solutions only when there is a row of the type (0 0 0|b)
with b # 0. Thisimplies c2—1=0 and ¢ —1 # 0.
Soweget ¢ = —1.

(c) Finally, the system has infinitely many solutions only when (i) there is a column
with no pivot and (ii) no row with (0 0 0|b), b # 0. These imply c> —1 =10
and c—1=0. Soweget ¢ =1.
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Cramer’s Rule

This method provides an alternative to find the solution of a linear system when the
number of equations equal to number of unknowns.

We consider the system of linear equations with n equations and n unknowns,

(allxl + A12X>y + -+ alnxn = b1

aAr1Xq + Ay02XH + -4 AoynXn = bz

4 (%)

\Ap1X1 + ApaXo + o+ AppXy = by,

In matrix form, we have Ax = b.

The coefficient matrix A isnow a n X n square matrix.

If detA # 0, then A isinvertible (non-singular) and A~1 exists.

Then one can obtain the solution vector x by multiplying both sides by A71, i.e.
A 'Ax=A"h = x=A471b.

Using the formula of A™1, we get



Ay A o A\ /by Ay Ay

X = 1 A?1 Agz Agn by | _ 1 [ A Ay
detA\| : : : : detA| : :
Anl Anz Ann bn Aln AZn
Ay1by +Ay1by + -+ A1 by
_ L [ Ajpby +Agpby + -+ Apaby,
~ detA :
Aipby + Agpby + -+ Apy by

where A;; is the cofactor of the element a;;.

Theorem (Cramer’s Rule)

Let A be the coefficient matrix of the system of linear equations Ax = b.

If detA # 0, then the system has a unique solution given by

_ Alibl + AZin + °c° + Anibn

Xi

det A ’

where A;; is the cofactor of a;;.
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Remark about Cramer’s Rule:

By the definition of determinant, one can express the numerator A;;b; + A,;b, +
-+ + Apib, as

;7 0 Qqi—1 by Q41 0 Apg

Avby + Agiby + -+ Agiby = det| @2 7 Gt D2 Gap o dne

Ap1  *° Qpi—1 bn Quiy1 Ay

which is the determinant of the matrix obtained by replacing the elements in !
by

. b
column of matrix A by the column vector | ~2

by,
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Example 43
Solve the following system of linear equations by Cramer’s Rule

{5x+2y=13
2x —3y =9

©Solution:

5 2

_ (13 . ,
) _3) and b = ( 9 ) Using Cramer’s rule, we have

Note that 4 = (

13 2
det(g _3)_13><(—3)—9><2_—57

o — — =3,
" detA 5x(=3)—2x2 -19
5 13
_det(z 9) 5x9—-2%13 19

= —1.

YT T detA  5x(=3)—2x2 —19
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Application of Gaussian Elimination #1 — Finding the inverse of matrix (Gauss Jordan
Method)

The method of Gaussian Elimination provides an alternative of finding the inverse of
an invertible matrix.

1 1 2
As an example, we would like to find the inverse of 4 = (1 2 0). We let X =
1 1 1

X1 V1 4

(xz Y2 Zz) be the inverse of A. According to the definition of inverse, X must
X3 Y3 Z3

satisfy

AX =13 or

1 1 2\/*%1 Y1 24 1 0 O
(1 2 O) (xz Y2 Zp | = <O 1 0.
1 1 1/ \X3 Y3 Z3 0O 0 1
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This system can be separated into three systems:
1 1 2\ /%1 1 1 1 2\ /N 0 1 1 2\ /4 0
<1 2 0) <x2> = (0), (1 2 0) ()’z =111 2 0]J{%22])=10
1 1 1/ \X3 0 1 1 1/ \V3 0 1 1 1/ \Z3 1

In augmented matrix form, we have
1 1 2 |1 1 1 2 |0 1 1 2 |0
(1 2 0 0,1 2 O 1,1 2 O O]
0 1 1 1 10 1 1 1 1

1 1 1

We can apply Gaussian Elimination to solve each system above.

1 1 2
Since we handle the same coefficient matrix (1 2 0) for each system, it would
1 1 1
be easier if we put three augmented matrices into a single augmented matrix, i.e.
1 1 2 1 0 O
1 2 0 |0 1 0]
1 1 1 10 0 1
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Using Gaussian Elimination, we get

(112 100)2:&(11 2 |1 00>
1201001 0|]—{0 1 -2 (-1 10
1 11100 1 0 0 -1 -1 0 1
_R3<112 100)
—|0 1 -2 [-1 1 0
00 1 [1 0 -1
§;+§§§<1 1 0 |-1 0 2)
010 |1 1 -2
0 01l1 0 -1
Rl_R2<1 0 0 |-2 -1 4)
—>10 1 0 (1 1 —=2].. (%)
00 1l1 0 -
1 0 0 |-2
Then (O 1 0 1>gives x1=-2, x, =1, x3 =1.
001 |1

1 ) gives y; = -1, y, =1, y; = 0.
0
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1 0 O 4
0 1 0 |-2| gives zy =4, z, =-2, z3 =—1.
0O 0 1 I-1

So the inverse is given by

-2 -1 4
X=A41=1 1 =2
1 0 -1

which also equals the matrix on the R.H.S. of augmented matrix (**).

General Procedure in finding the inverse of A using Gaussian Elimination:

Step 1: We first write the augmented matrix

ai1 QA2 - AQ1n |1 O 0 O
Az1 QA2 = A2 |10 1 0 O
\gnl App ang Q 0 O l/

A I,
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Step 2: Use elementary row operations to transform the matrix into row echelon

form
1 = * * % % %
O 1 - % ¥ %k x %

Step 3: Finally, we use elementary row operations to transform the augmented
matrix into the form which the matrix on the L.H.S. is an identity matrix .

Then the matrix on the R.H.S. will be the inverse 471,

1 O 0O |*x *x * %
0 1 0O |*x *x * %
00 1 fex s s

I, A1

This method is called Gauss Jordan Method.



Example 44

Find the inverse of the matrix
3 2 6
A=|1 1 2]
2 2 5

We first write down the augmented matrix

©Solution

3 2 6 |1 0 O
1 1 2 [0 1 0
2 2 5 10 0 1
Using elementary row operations, we have
3 2 6 |1 0 O RiOR, 1 1 2 |0 1 0
1 1 2 |01 0)J]—/8{3 2 6 |1 0 O
2 2 5 10 0 1 2 2 5 10 0 1
R,—3R
Rg—ZRi 1 1 2 |0 1 O
—({0 -1 0 |1 -3 0
O 0 1 10 -2 1
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& fl 1 210 1 0
—l0 1 0 |-1 3 o0

001 l0o -2 1
ri2r, (1 1 0 [0 5 =2
——(0 1 0 |-1 3 0

001 lo -2 1
jier, (1 0 0 |1 2 =2
—10 10 |-1 3 o0 |

001 lo -2 1
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Since the L.H.S. becomes an identity matrix, therefore the inverse of A is given by

o

1
-1
0

2
3
—2

—2
0
1

)



Page 100 of 114

Example 45

Find the inverse of the matrix

1 -2 0 0
| 2 -3 3 1
B_012—2
-1 1 1 3
©Solution:

1 -2 0 0 |1 0 0 O\g,—2r,/1 -2 0 O 1 0 0 O
2 =3 3 1 |01 0 O\RetR:z O 1 3 1 |-2 1 0 O
—

O 1 2 =2 10 0 1 0 O 1 2 -2 10 0 1 0
-1 1 1 3 10 0 0 1 0O -1 1 3 1 0 0 1
R.-R, /1 =2 0 0 |1 O

R4s+R> | O 3 1
—

|

()

p—
o = O O
_ o O O



S O O
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-2 0 0 1 0

—

w

p—

|

(NS

—
= O O
_ o O O

-2 0 0 1 0 0 0

1 3 1 —2 1 0 0

0 1 3 —2 1 —1 0

o o1 |-7/8 3/8 —-1/2 -1/8
2 0 0 1 0 0 0

1 3 0 |-9/8 5/8 1/2 1/8
0O 1 0 5/8 -—-1/8 1/2 3/8
o o1 |1-7/8 3/8 -1/2 -1/8
2 0 0 1 0 0 0

1 0 0 —3 1 —1 —1
0 1 0 5/8 —-1/8 1/2 3/8
o o1 |1-7/8 3/8 -1/2 -1/8
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1 0 0 O -5 2 —2 —2
Ri+2R [0 1 0 O -3 1 -1 -1
0O 01 O 5/8 —-1/8 1/2 3/8
o o o0 1 |-7/8 3/8 -1/2 -1/8
Thus the inverse of the matrix B is found to be
-5 2 -2 -2
-3 1 —1 —1

B1=
5/8 —1/8 1/2  3/8

-7/8 3/8 -—-1/2 -—-1/8
Remark:
Comparing with the cofactor method that we used in previous section, Gauss-Jordan
method provides a simpler way in finding the inverse of matrices with larger size. If
one wishes to compute B~! using cofactor method in the previous example, one
needs to compute 16 cofactors (determinant of 3 X 3 sub-matrices) in order to
obtain the answer!
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Example 46 (Gauss-Jordan Method on non-invertible matrix)

Find the inverse of (é i)

©Solution:

Note that

(1 2 |1 O)RZ_,:ZRl(l 2 |1 0)
2 4 10 1 0 0 1I-2 1

We see that the last row is of the form (0 0|b, b,), by, b, # 0. There is no solution
for the system.

Hence the inverse does not exist!
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Application of Gauss Elimination #2: Checking the Linear Independency of vectors

One can use the following fact to check the linear independency of vectors:

Theorem (General procedure of checking linear independency)

The vectors a;, a,, -+, a, are linearly independent if and only if the
equation x,a; + X, @, + -+ x,a, = 0 has only trivial solution (i.e. x, =
Xy = =x, =0).

On the other hand, if the equation x;a; + x, a; + -+ x,,a,, = 0 has other
solutions xy1, X,,..., X, (other than the trivial solution). Then the vectors
a,, a;, -+, a, are linearly dependent.

One can use the Gaussian Elimination to solve the equation x;a; + x, a; + -+ +

X,a, = 0.
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Example 47

let @ =30+2], b=7—k and ¢ = 27+ 3] + 4k be three vectors, determine
whether these three vectors are linearly independent.

©Solution:

We need to solve the following equation for x;{, x,, x53.
xlc_l) + xzb + x38 — (_))

= (3x; + x5 + 2x3)T+ (21 + 3x3)] + (—=x, + 4x3)k = 07 + 0] + Ok

By comparing the coefficients, we get
3x1 +x5+2x3 =0
2x, + 3x3 = 0.
—X, +4x3 =0
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Using Gaussian Elimination, we get

3 1 2 |0 Ry/3 1 1/3 2/3 |0 R,—2R; 1 1/3 2/3 |0
2 0 3 [0)]—/™{2 O 3 (0)—({0 -2/3 5/3 |0
0O -1 4 10 0 -1 4 0 0 -1 4 0
Ro/(—2) (1 1/3 2/3  |O\RstRe o 1 1/3 2/3 10
—>|{0 1 -5/2 [0] ~ —|0 1 -=5/2 |0
0 -1 4 0 0 O 3/2 0
The corresponding system is
1 2
x1+§xZ+§X3:O
5
3 x2—§x3=0 =>x3=0,x,=0, x; =0.
3
\ 5X3:O

Since the system has only trivial solution, the vectors are linearly independent.
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Example 48

Determine if the vectors @ =1+ 57—2k, b=71—k, ¢ = —27 + 10; are linearly

independent.
©Solution:

We consider the following equations:
x1a+x21_9)+X36=6

= (x; + x, — 2x3)T+ (5x; + 10x3)] + (—2x; — xz)l_é =0

x1 + xz - sz — 0
= 5x1 + 10x3 —_ 0
_2x1 - xZ —_ 0
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Using Gaussian Elimination, we have

R,—5R
11 =2 [O\R 1 1 =2 |0\ o/l 1 =2 |0
5 0 10 [0)]=——0 -5 20 [0o]——0 1 -4 |0
-2 -1 0 o 0 1 -4 lo 0 1 —4 lo
Rer, (1 1 =2 |0
—|0 1 —4 |0
00 0 o

Since the 3™ column does not have any pivot, the corresponding variable x5 is a
free variable, we take x3 = t, t isreal. Then we have x, = 4t and x; = —2¢t.

Since the equation x;d + x, b+ X3C = 0 has non-trivial solution (say when t =1,
we have x; = =2, x, = 4 and x5 = 1). Thus the vectors @, b and ¢ are linearly
dependent.



Page 109 of 114

Example 49

1 1 —3
. | 2 > [1)Y 5 (O . o
Let a = 0 | b = 1) c = 1 be three vectorsin 4-D space. Determine if
—3 1 0
the vectors are linearly independent.
©Solution
We consider the following equations:
1 1 —3 0
5 > 5 = 2 1 0 0
X1ad+x,b+x3¢ =0> x4 0 + X, 1 + X3 1 1=1o
—3 1 0 0
X1+ X, — 3x;3 0 (X1 +x,—3x3=0
2x1 + X9 . 0 N le + X2 —
X2 + X3 0 X> + X3 = 0
—3x1 + X, 0 \—3x; + X, =




Using Gaussian Elimination, we get

1 1 =3 |0\ R,—2r, /1 1
2 1 0 [0)|Ret3R [0 -1
—

0O 1 1 |0 0 1

-3 1 0 10 0 4

1 1 -3 |0 1

R:/7l0 =1 6 lo\Rs—15Rs[
—> —

o 0 1 |0 0

0O 0 15 10 0

The corresponding system is

weget x3 =0, x, =0 and x; = 0.

X1 +x,—3x3=0
— X5 + 6x3 = 0. Solving the equations backward,
X3 — 0

-3
6
1

-9

1
-1
0
0

0\ R;+r,
0 | R4+4R,
—
0
0
-3 |0
6 0
1 0
0 0

0
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o O O O

Since the system has only trivial solution, the vectors are linearly independent.



Review Example 1
Solve the following system
S5x+3y+ z= 12,

3x —2y+5z=-1
©Solution: Using Gaussian Elimination, we have

{2x+ y—3z= 8

(2 1 -3 8>R1/2<1 1/2 —3/2 4)

5 3 1| 12]—(5 3 1 12

3 =2 51 -1 3 -2 5 —1

§§_§§1<1 /2 =3/21 4 >R3+7R2<1 1/2 -3/2 4)

— (0 1/2 17/2| -8 |——|0 1/2 17/2| -8
0 —7/2 19/21 -13 0 0 69 | —69

1
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Solving backward, we get 69z = —69 = z = —1; Syt %Z =-8=>y=1,x+

1 3
Ey—;z—4=>x—2.



Review Example 2

Solve the system

3x + 2y —w =0,

{x— y— z+ w=1
—x—9y —-5z4+7w =5

©Solution:

Using the Gaussian Elimination method again, we get

1 -1 -1 1] 1% -1 -1 1
3 1

3 2 0 -1 o>—> 0 5 3 —4

-1 -9 -5 71 5 0 —10 -6 8

1
_3>
6
R3+2R2<1 -1 -1 1 13)
0

— |0 5 3 —4
Note that the 3™ column and 4" column have no pivots, the corresponding

0 O 0 0

variables z and w are free variables.
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To obtain the full solution, we write z =s and w =t where s, t are two real

numbers. From the second equation (second row), we have

—3—3z4+4w -3 —3s+4+ 4t
5y+3z—4w =-3 >y = = :

5 5
From the first equation, we get
2+2s—t
xX—y—z+w=1l=x=14+y+z—w= - :
X 2/5 2/5 ~1/5
The general solution vector: [ 2 | = 35 45 | T34 AP t.
z 0 1 0
w 0 0 1
~—_——— ~ v
particular two linearly independent
solution solutions of the corresponding

homogeneous system
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Review Example 3

1 -2 0
Using Gauss-Jordan Method to find the inverse of A = <0 2 3>.

4 2 3

©Solution

1 =2 0 (1 0 0\, ,./1 =2 0 |1 0 0

3 1
o 2 3 |01 0)]—/m10 2 3 O 1 0
4 2 3 10 0 1 O 10 3 14 0 1
_ R,/2
Rasr, (L =2 0 J1 0 0N P21 -2 0 1 0 0
—> |0 2 3 0 1 0)]—— O 1 3/2 0 1/2 0
0 0 -12 l-4 -5 1 o 1 I1/3 5/12 -1/12

0 -—1/4 1/4
-1/2 -1/8 1/8 |
1/3 5/12 —1/12/

A1

S O -
S = O
_ O O

1/3 5/12 —1/12

—11/2 —f/s 1/8 )R”_ZR%(
\



